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Implementation

Uses GPU computing for accelerating the optimization

Two-phase process that cuts memory usage

Outperforms existing implementations in accuracy within comparable runtime
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Takeaway 2: The multilayer inference is still extremely inaccurate when
i) the proportion of large cascades is low OR

ii) the ground-truth network is sparse

Takeaway 1: Excluding small cascades increases multilayer inference accuracy

Therefore:
i) We need to estimate the inference accuracy before applying the method to real data

ii) We need to develop a more real-data-applicable inference method

But realistic!



Thanks for listening!
Any question or comment?

Code: https://github.com/ECANET-research/multic
Contact: Yan Xia

Big thanks to:

Aalto Scientific Computing Barbara Keller

and

yan.xia@aalto.fi

@yanxxia

https://github.com/ECANET-research/multic

